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loss, h = forward on step(*x)
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® (Weight Normalization) https://arxiv.org/abs/1602.07868

® (Recurrent Batch Normalization) https:/arxiv.org/abs/1603.09025
® | ayer Normalization https://arxiv.org/abs/1607.06450

»kBatch Normalized Recurrent Neural Networks
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® Exact solutions to the nonlinear dynamics of
learning in deep linear neural networks
https.//arxiv.org/abs/1312.6120v3

® A Simple Way to Initialize Recurrent Networks

of Rectified Linear Units
https://arxiv.org/abs/1504.00941v2
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Encoder-Decoder model
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Bidirectional LSTM
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